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Extended abstract
Introduction: Forecasting the trend of storms provides the possibili iflg to control the dust crisis for
managers and officials. Artificial neural network patterns are among the i

multivariate regression model and ANFIS fuzzy neural network

Materials and methods: In this research, the d¥a dusty
from Zabol synoptic station, statistical yearbooks statistics
first, using rainfall data to check the drought situatio

perature, rainfall, relative humidity taken
ed tg Wirmand river flow have been used. At
lue ,of SR index was calculated in R-Studio
mo#was estimated using temperature data,
the number of dusty days with the help of Eviews

positive and negative values, 1 e value of the SPI index has decreased and indicates drought,

days haVe micreased. at, the correlation coefficient of temperature with the number of dusty days is

0.56 finally“the ¢ n coefficient of wind speed with dusty days is 0.45. The results of multivariate
regressio d that the variables of Hirmand river flow, SPI index, temperature and wind speed
have a sign on the number of dusty days and their coefficient sign is as expected. Finally, using

MATLAB soft
variables of t

nd ANFIS model, two models with different inputs were checked. In the first model, the
erature, relative humidity and rainfall were used as inputs. In the second model, the variables of
Hirmand river floy, SPI index and temperature, which according to the results of correlation coefficients and
regression modeling) had the greatest impact on dusty days, were determined as inputs. The results of the
evaluation of two els showed that the second model, which is based on the results of regression modeling and

examining correlation coefficients, has less error.

Conclusion: Predicting incidents is very effective in informing managers and planners in order to manage risks.
Artificial neural networks are among the most important methods for prediction. But it is very important to choose
the right inputs in order to increase the prediction accuracy with artificial neural network. In some studies,
researchers have to build several neural networks to choose the one with the least error, which requires spending
a lot of time. In the present research, firstly, the correlation coefficients between all the considered variables were
calculated and the influence of the selected variables on the dependent variable was evaluated by estimating the
multivariate regression model. The results showed that if variables with the highest correlation and significant
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impact on the dependent variable are selected as inputs to the fuzzy neural network, the accuracy of the ANFIS
neural-fuzzy network increases.
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7 Mean Absolute Error (MAE)
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